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ABSTRACT: Accurate estimation of state of charge (SOC),
battery state of health (SOH) and prediction of battery
remaining useful life (RUL) of lithium-ion battery are
important contents of battery management. It is of great
significance to prolong battery life and ensure the reliability
of battery system. Researchers all over the world have done a
lot of research on battery state evaluation and RUL prediction
methods, and proposed a variety of methods. This paper first
introduced the definition of SOC and SOH and the existing
estimation methods and compared them. Then, the definition
of RUL was introduced and the main methods were classified
and compared. Finally, the challenges of lithium-ion battery
state estimation and RUL prediction were summarized, and
the future development direction was proposed.
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Fig.2 OCV-SOC curve of lithium-ion battery
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Tab.2 Comparison of advantages and disadvantages in common SOC estimation methods for lithium-ion batteries
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